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ABSTRACT OBJECTIVE To construct a preoperative medication reconciliation model assisted by a localized large language
model (LLM) for gastric cancer and evaluate its clinical efficacy. METHODS A total of 249 gastric cancer patients with a history
of continuous medication before admission in the Gastric Surgery Department of Jiangsu Cancer Hospital were retrospectively
enrolled. Patients were divided into training set (154 cases) and validation set (95 cases) based on the order of time. Based on
guidelines, drug package inserts, and other evidence, a standardized medication reconciliation process and a structured knowledge
base were constructed. DeepSeek-V3 LLM was deployed privately in the hospital, combined with retrieval-augmented generation
technology, to achieve automated integration of medication information, risk screening, and generation of personalized

recommendations. The quality of LLM-generated recommendations was evaluated using automatic metrics (BERT Score and

- ROUGE-1, 2, L) and manual scoring [seven-dimensional
A BEETE 11058 25 % 2 - 25 " UHE 7 25 % BT I H (No.
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index (7DI)]. Spearman correlation analysis was performed to
explore the correlation between automatic scores and manual

scores. Cronbach’s « coefficient was used to test the internal
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* EEE WLRFS AL BRSO M E B 252 . E-mail: consistency of manual scoring results. The time consumed by
yuxuanzhu_123@163.com manual and LLM-assisted medication reconciliation was compared
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major drug categories was finally established, covering common and high-risk preoperative medication scenarios and providing

structured retrieval support for the LLM. For automatic evaluation, the precision, recall, and Fl-score of BERT Score were 0.783 £
0.033, 0.811+0.038, and 0.796 + 0.028, respectively. The Fl-scores of ROUGE-1, ROUGE-2 and ROUGE-L were 0.566 + 0.067,
0.338+£0.076 and 0.468 £ 0.082, respectively. The 7DI scores from three manual raters ranged from 32.06 to 33.45. The Fl-score of

automatic scoring was significantly positively correlated with the 7DI score of manual scoring (maximum coefficient of

determination=0.611, P<<0.001), and the internal consistency of manual scoring was good (Cronbach’s = 0.876). In terms of

efficiency, LLM-assisted medication reconciliation reduced time consumption by more than 90% compared with manual
reconciliation in the simple, moderate, and high-difficulty groups (P<<0.001). CONCLUSIONS The medication reconciliation
model constructed based on a localized LLM and structured knowledge base shows high accuracy, consistency, and clinical

applicability in complex preoperative medication scenarios for gastric cancer. It can improve the efficiency of medication

reconciliation and reduce potential medication risks.

KEYWORDS medication reconciliation; artificial intelligence; large language model; gastric cancer; preoperative medication;
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